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Article History:  Abstract. The objective of the research was to design and simulate the lateral/directional dynamics control of 
an aircraft’s autopilot system to automate the landing approach execution, complying with the requirements 
of the Instrument Landing System (CAT III C). The design methodology involved integrating a Linear Quadratic 
Regulator (LQR) with Affine Parameterization techniques to create a robust control system. The prototype was 
developed using Matlab and simulated in Simulink. Through various simulations, adjustments were made to the 
Q and R matrices of the LQR controller based on Bryson’s rule, allowing the system to adapt to the nonlinearities 
and dynamic constraints of the aircraft model. These adjustments included modifying the lateral attitude control 
parameters to achieve the desired damping factors and time constants, ensuring flight quality standards accord-
ing to MIL-8785C. Validation under real conditions through a flight simulator confirmed the control system’s 
effectiveness under various operational conditions. The controllers are able to maintain the aircraft’s alignment 
with the runway centerline, even in the presence of external disturbances, thus demonstrating the system’s ro-
bustness and reliability. The methodologies and results provide a solid foundation for future improvements and 
comparative analyses of autopilot systems within CAT III C requirements.
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1. Introduction

The aviation industry is experiencing steady growth, driven 
by the demand for more efficient and safer flights (Afonso 
et al., 2023). Automatic aircraft control is a highly devel-
oped area within aeronautical engineering, particularly in 
the design of robust autopilots capable of ensuring safety 
and stability during the most critical phases of flight, such 
as instrument landings under low-visibility conditions (Col-
linson, 2023). These conditions, classified under instrument 
landing categories, present varying levels of difficulty, with 
CAT III C being the most demanding. In this category, 
landing is conducted solely using flight instruments, with 
no visual references (Coello et al., 2023), and the control 
system must guide the aircraft with extreme precision until 
runway contact.

In recent decades, advances in control theory have al-
lowed the development of more efficient and robust al-
gorithms that guarantee optimum performance in these 
critical phases (Simões & Cavalcanti, 2023). Among these 
advances, predictive and optimization algorithms stand 

out, which have proven to be effective tools for solving 
problems in real time, handling disturbances and uncer-
tainties inherent to the operating environment (Cortez 
et al., 2020). However, there are still technical challenges 
that require further research, such as the ability of control-
lers to adapt to abrupt changes in flight conditions and 
the need to reduce computational complexity for real-time 
applications (Alabsi & Fields, 2018).

The present study aims to develop and optimize a lat-
eral/directional control system for an aircraft, specifically 
designed to meet the stringent requirements for operation 
in CAT III C landing conditions (Coello et al., 2023). The 
design focuses on the use of Affine Parameterization tech-
niques in conjunction with a Linear Quadratic Regulator 
(LQR), widely recognized for its ability to balance optimal 
performance with system stability (Rodrigues, 2021). How-
ever, advanced optimization techniques, such as Bryson’s 
rule (Sir & Naci, 2022), are applied to adjust the weights 
in the cost function of the LQR, allowing greater robust-
ness of the controller to external disturbances (Benevides 
et al., 2022).
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In the field of automation and control, recent ad-
vances in optimization and predictive control algorithms 
have significantly improved the accuracy and robustness 
of automated systems (Sir & Naci, 2022). Recent studies 
have demonstrated how a cooperative optimization al-
gorithm can enhance trajectory tracking in robotic ma-
nipulators, with applications to complex dynamic systems 
such as aircraft control systems (Elsisi et al., 2021). This 
technique reduces trajectory errors and increases accuracy 
in environments where conditions change rapidly (Azeez 
et al., 2023). Similarly, advanced predictive models have 
been developed for aircraft flight control, utilizing intel-
ligent techniques to enhance stability in adverse condi-
tions (Elbatal et al., 2021). This approach, based on artificial 
intelligence, enables the control system to anticipate dis-
turbances before they occur (Zuo et al., 2022), proactively 
adjusting system parameters to maintain aircraft stability 
(Mo & Farid, 2019).

In terms of robustness against uncertain conditions, a 
robust Kalman filter has been proposed for accurate po-
sition estimation of automatically guided vehicles, even 
under cyber-attacks (Elsisi et al., 2023). This approach is 
relevant to aircraft control, given the need to maintain 
high accuracy in position and orientation estimation dur-
ing landing. The combination of robust optimization tech-
niques with adaptive Kalman filters has proven to be an 
effective solution for improving the reliability of control 
systems (Reis et al., 2023). Recent studies have developed 
models with low computational load using the Dandelion 
optimization algorithm, designed for autonomous vehicles 
(Liu & Qin, 2020). This algorithm is notable for its ability 
to manage the uncertainty of vision systems, with direct 
applications in the control of aircraft operating under low 
visibility conditions. The low computational load of these 
algorithms is especially important for real-time implemen-
tation, where computational resources are limited and a 
fast system response is required (Zhao et al., 2022).

The present study advances current research in air-
craft control by developing a controller based on Linear 
Quadratic Regulator (LQR) theory, which is tuned using 
advanced optimization techniques to enhance the stabil-
ity and robustness of the system (Sir & Naci, 2022). Un-
like previous studies, this approach specifically targets the 
optimization of aircraft lateral and directional dynamics 
during the critical landing phase by employing Affine Pa-
rameterization techniques to ensure compliance with op-
erational requirements in real-world scenarios (Cavanini 
et al., 2021). The validation of this approach is conducted 
through detailed simulations that replicate real flight con-
ditions under CAT III C. The results demonstrate a signifi-
cant improvement in lateral and directional alignment ac-
curacy compared to traditional control methods, such as 
computationally intensive predictive algorithms. This work 
not only enhances aircraft control under critical conditions 
but also offers a more efficient and robust solution by 
utilizing advanced optimization and control techniques, 
which can be applied to a broad range of autonomous 
systems.

2. Automatic Landing System (ILS)

2.1. The Instrument Landing System
Two radio beams are used by the Instrument Landing Sys-
tem (ILS), a precision approach tool, to give pilots verti-
cal and horizontal direction during approach and landing 
(Aishwarya, 2022). While the glide slope (GS) establishes 
the appropriate vertical descent profile, the localizer (LOC) 
offers azimuthal guidance. High-intensity runway lights 
and marker beacons are further possible ILS use assis-
tance. As visible in Figure 1, the LOC antennas are typically 
situated at the end of the runway. They broadcast two 
narrow intersecting beams, one pointing slightly to the left 
and the other to the right of the runway’s center, which 
together create the “on LOC” indicator. As seen in Figure 2, 
the GS antennas broadcast two narrow beams that cross 
at a point where they define the “on GS” indication at the 
airplane. One of the narrow beams intersects just below 
the required vertical profile, and the other slightly above 
it (Coello et al., 2023).

The highest ILS category, CAT III C, permits fully au-
tonomous landing in both overhead and zero visibility 
situations. In this category, there are no minimum re-
quirements. The aircraft is landed and decelerated by the 
autopilot (A/P) until the pilot takes over and deactivates 
the A/P to remove the aircraft from the runway. An auto-
matic landing system that can intercept the glide slope 
and localizer signals as previously mentioned is needed to 
land an aircraft without a visual reference to the runway 
(Coello et al., 2023). The aircraft is then guided along the 
glide slope at a specific rate of descent until it reaches a 
height at which it performs the flare maneuver to touch 
the runway (Dudek & Kozłowski, 2018).

Figure 1. Aircraft on the best route for a localizer (LOC)

Figure 2. Aircraft on the best glide slope (GS) trajectory



208 C. Sánchez et al. Simulation and evaluation of lateral/directional dynamics in an aircraft autopilot control system

3. Mathematical model of lateral/directional 
dynamics

Accurate control of the lateral and directional dynamics of 
an aircraft is essential to ensure its stability and maneuver-
ability, especially in critical situations such as landing in low 
visibility conditions. The mathematical representation of this 
behavior is fundamental to develop efficient controllers that 
can handle external disturbances and meet the constraints 
imposed by the inherent dynamics of the aircraft.

3.1. Aircraft model
The mathematical model of an aircraft follows the classic 
approach of flight dynamics, which is divided into longi-
tudinal and lateral/directional dynamics. This work focuses 
on the lateral/directional dynamics, describing the move-
ments related to yaw, roll, and sideslip. To capture these 
movements, state equations are developed based on the 
forces and moments acting on the aircraft. These equa-
tions are formulated using Newton-Euler laws, where the 
nonlinear equations of motion are linearized around a 
specific operating point by analyzing small perturbations 
from a steady flight condition. The state-space represen-
tation, linking input variables (control surface deflections) 
with output variables (yaw angle, roll angle, and lateral 
velocity), allows the design of controllers based on optimal 
control technique (see Figure 3).

Aerodynamic transfer functions describe the fun-
damental relationships between control inputs and the 
aircraft’s flying characteristics, and they can account for 
atmospheric disturbances when necessary (American Insti-
tute of Aeronautics and Astronautics [AIAA], 2000). These 
correlations are expressed through a state equation, which 
represents the aircraft’s equations of motion as a first-or-
der vector differential equation (Coello et al., 2023). The 
general form of this equation is shown in Eq. (1), where 
{x(t)} is the state vector and {u(t)} is the control vector. 
State variables are the elements of vector {x(t)}, while con-
trol input variables are the components of vector {u(t)}. 
The input matrix is [B], while the state matrix is [A]. More 
information about the system of equations governing the 
aircraft’s motion may be found in Sun and Adnan (2021).

{ } { } { }( ) ( ) ( )x t A x t B u t   = +    . (1)

3.2. Lateral/directional dynamics model
The lateral/directional dynamics model describes how 
aerodynamic forces and moments affect the stability and 
control in the lateral and yaw axes. These aerodynamic 
forces mainly originate from differential lift on the wings, 
the interaction of ailerons, rudder, and fuselage with air-
flow, as well as engine thrust.

The methods used to interpret an aircraft’s lateral/
directional dynamics are quite similar to those used in 
longitudinal dynamics (Coello et al., 2023). The primary 
distinction in solving the equations lies in the additional 
algebra required, since, as shown in Figure 4, two aerody-
namic inputs, the rudder z and the ailerons x, are involved. 
Because most aircraft are designed with aerodynamic sym-
metry, lateral/directional dynamics are less affected by fly-
ing conditions than longitudinal dynamics (Cook, 2013).

Figure 4. Aerodynamic controls notation

Eq. (2) provides the lateral/directional motion equa-
tions, which are derived from the equation of state Eq. (1) 
and represent small perturbations around an equilibrium 
condition with respect to the wind axes (Cook, 2013). v 
represents the disturbance in lateral velocity, p, r, f, x, and 
z, respectively, represent roll rate, yaw rate, roll angle, ai-
leron angle, and rudder angle perturbations. Additionally, 
the definitions of the derivatives are provided in Cook 
(2013). The coefficients of the input matrix [B] are the lat-
eral control derivatives, while the coefficients of the state 
matrix [A] are the lateral aerodynamic stability derivatives.
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4. Dynamic model of direction and lateral 
motion

The dynamic model of the lateral and directional motion 
is based on the linearized approximation of the system, 
focusing on the aerodynamic derivatives and the effects 
of lateral forces and moments on the aircraft. This allows 
a simplified representation that facilitates the design and 
analysis of the controllers. Both the lateral attitude and the Figure 3. Basic control – response relationships
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lateral trajectory controllers make up the control system 
for coupling to the runway axis (localizer). Together, these 
allow the aircraft to make the necessary movements to 
achieve a precise lateral attitude (roll) and lateral trajectory 
(heading) during the approach phase, until intercepting 
the runway center line (localizer). 

During the optimization process of the control model, 
restrictions are applied to ensure system safety and oper-
ability. These include the physical limits of control surfaces 
(ailerons and rudder) and the aerodynamic characteristics 
of the aircraft. These restrictions are integrated into the 
system’s equations to prevent the controller from exceed-
ing the aircraft’s capabilities. Through predictive control 
techniques, control inputs are adjusted in real-time, en-
suring efficient and stable operation under varying con-
ditions, while minimizing tracking errors and respecting 
physical and dynamic limits.

Figure 5 shows the variables involved in coupling the 
aircraft to the localizer. The aircraft must attempt to follow 
the flight path (beam center-line), where d indicates the 
lateral distance of the aircraft off course. yref represents 
the heading set by the pilot, while (y – yref) is the course 
angle that the aircraft must follow. The lateral distance 
of the aircraft off course d increases as a function of the 
course angle, as indicated in Eq. (3), where y is also a 
function of the roll angle f and is defined by the expres-
sion in Eq. (4).

( )( ) ( )( )0 0( ) sin ref refd t U t U t= y −y ≈ y −y

; (3)

( )( ) ( )
0 0

1( ) sin gt g t t
U U

y = f ≈ f . (4)

Figure 5. Terminology in coupling the aircraft to the 
localizer

Once the localizer is intercepted, the rolling attitude 
must be controlled and the speed U0 is assumed constant, 
which is regulated by the speed controller integrated into 
the longitudinal dynamics (Coello et al., 2023). The usual 
beamwidth of the VOR transmission angle is 2.5°, and the 
distance R represents the aircraft’s distance from the VOR 
station.

4.1. Controller of lateral attitude
Using the Multiple-Input Multiple-Output (MIMO) con-
cept and the LQR approach, the lateral attitude controller 
was created, the procedure is detailed in Cook (2013) and 
Guardeño et al. (2019). Since it is believed that the whole 

state is quantifiable, an observer is not required when 
designing the roll or lateral attitude controller. It is also 
common to express the lateral velocity perturbation v in 
Eq. (2) in terms of the lateral slip angle b, since for small 
perturbations v = bU0 obtaining Eq. (5).
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The lateral modes provided by the state matrix may be 
seen based on the aircraft’s open loop dynamics. The roll 
subsidence mode (fast mode) with a time constant of Tr = 
1.15 s, the dutch roll mode (oscillatory mode) with a fre-
quency of wd = 0.67 rad / s and a damping factor of Vd = 
0.0345, and the spiral mode (slow mode) with a time con-
stant of Ts = 44.9 s were found. The dutch roll had some 
damping, thus it was required to employ closed loop con-
trol to enhance the damping. To do this, the aircraft’s MIL-
8785C standard flight quality standards were followed, as 
shown in Cook (2013) and Fu et al. (2020). Furthermore, 
for the disturbance limits of the aileron deflection ± 32° 
(± 1 normalized) and the rudder ± 20° (± 1 normalized) 
were considered.

Figure 6. The lateral attitude controller block diagram

Bryson’s principles, as described in Okyere et al. (2019) 
and Kashyap and Vepa (2023), were used to create the Q 
and R matrices. The LQR approach was then used to ad-
just the matrices’ coefficients until the desired closed loop 
characteristics were achieved. Thus, it was possible to de-
termine the time constants for the spiral mode Ts = 0.49 s, 
roll subsidence mode Tr = 0.28 s, frequency of dutch roll 
mode wd = 2.85 rad / s and damping factor Vd = 0.71. After 
the roll or lateral attitude controller was created as shown 
in Figure 6, its functionality was tested using a simulation 
for a step reference of the roll angle of the aircraft.

4.2. Controller of lateral trajectory 
Using the Single-Input Single-Output (SISO) concept and 
Affine Parameterization, the lateral trajectory controller 
was created. Considering that the lateral attitude control 
designed in the previous point is fast enough compared 
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to the lateral trajectory control, the lateral trajectory con-
trol system was designed and a simulation was utilized to 
confirm that it functions as intended, the model for trajec-
tory control lateral is defined by Eq. (6), where d(s) is the 
expression that indicates the lateral distance of the aircraft 
off course, f(s) is the expression of the roll angle depend-
ing on the variable s, the value of gravity’s acceleration is 
expressed as g.

( )
( )012

d s gG
ss

= =
f

. (6)

A lower limit was found for the frequency provided 
by the gusts to which the aircraft is subjected, and a fre-
quency of 0.30 rad / s was specified for the lateral trajec-
tory controller. For this, a Dryden turbulence model was 
proposed (Qiao & Wu, 2023). Thus, for the lateral velocity, 
a spectral analysis was carried, where it is observed that 
the lower limit of the frequency is 0.35 rad / s, therefore, 
said value was chosen for an establishment time of ap-
proximately 15 seconds.
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Next, in order to compel the integral action in the 
controller, the desired complementary sensitivity function 
FQ(s) was developed. In addition, it was taken into account 
that the plant has two integrators, the relative degree of 
the open loop is 2 (Sariyildiz & Ohnishi, 2015), therefore, 
the closed loop must have at least the same relative de-
gree as the open loop, for the controller K12(s) to be a 
biproper function as seen in Eq. (7). Having forced the 
integral action in the controller, it was necessary to in-
clude an anti-windup scheme through output feedback, 
which requires that the controller be biproper and have 
minimum phase. After the vertical trajectory controller was 
created (see Figure 7), its functionality was tested using a 
simulation for a step reference of the lateral distance of 
the aircraft off course d.

Figure 7. The lateral trajectory controller block diagram

5. Integration, verification, and outcome 
analysis

Under ideal circumstances, unit tests were conducted on 
the controllers that had previously been created. Howev-
er, it was essential to experimentally validate them under 
real operating conditions to ensure that they were able 
to interact and achieve the desired control action in each 
situation. These controllers were included in a dynamic 
autopilot simulation model developed in Matlab/Sim-

ulink, the same one that simulates the real aircraft. Figure 
8 illustrates how the controllers with their corresponding 
architectures were incorporated into the Flight Control 
Computer (FCC), and Figures 9 and 10 demonstrate how 
each controller was implemented.

The selection of the proposed algorithm’s parameters 
was carried out through an iterative process that consid-
ered both system stability and performance under typical 
operating conditions. Initially, reference values were estab-
lished based on previous studies and existing literature. 
These values were progressively adjusted through simu-
lations that evaluated the system’s response to different 
flight scenarios, including disturbances and variations in 
atmospheric conditions. During this process, multi-objec-
tive optimization techniques were used to balance trajec-
tory tracking accuracy and system robustness.

Figure 8. Dynamic autopilot simulation model

Figure 9. Integration of lateral attitude controller in the 
FCC, ILS autoland

Figure 10. Integration of lateral trajectory controller in the 
FCC, ILS autoland
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The lateral trajectory controller was evaluated in 
straight and level flight after the controllers were included 
into a dynamic autopilot simulation model created in Mat-
lab/Simulink, the same model that replicates the behavior 
of the actual airplane. Figure 11 indicates a settling time of 
around 22 seconds for an initial aircraft lateral off-course 
distance of 5.3 meters, whereas the design time was about 
18 seconds. The aircraft’s response is acceptable as long 
as there is a minimum of a decade between the lateral at-
titude controller and the lateral trajectory controller. This is 
because of the limitations placed by the lateral trajectory 
model. Figure 12 shows how the aircraft speed, roll angle 
and control action vary. 

Next, under ideal circumstances, the lateral trajectory 
controller was tested to couple to the runway localizer. 
Figure 13 illustrates how the aircraft couples to the runway 
axis (localizer) by displaying the aircraft’s range R until it 
reaches the runway and the tracking error for the initial 
lateral distance of the aircraft off course d, as previously 
analyzed. However, Figure 14 illustrates how the aircraft 

maintains a constant speed until about second 28, at 
which point it is thought to have reached the decision 
height and the flare control system is turned on to fa-
cilitate the aircraft’s transition from decision height to the 
runway. The speed control is observed to decrease with a 
constant roll angle, suggesting that the aircraft maintains 
its alignment with the runway.

After that, a real-world condition coupling test of the 
lateral trajectory controller to the runway localizer was 
performed. Figure 15 shows the aircraft’s range R until it 
reaches the runway as well as the tracking error for the off-
course lateral distance d, which exhibits more fluctuations 
in this instance. Due to disturbances, the answer is not as 
clear as it would be in an ideal scenario. Similar to Figure 
16, which depicts how the speed stays nearly constant until 
about second 20, the flare control system activates for the 
transition from that level height to the runway, and it is 
assumed that the aircraft has reached the decision height. 
This is where you can see that the aircraft maintains the 
runway axis because the roll angle is nearly constant and 
the speed control is reducing the aircraft’s velocity. It is 
important to emphasize the numerous fluctuations that this 
control action in this instance presents.

To evaluate the robustness of the proposed model, 
extensive tests were conducted under various turbulence 
conditions and atmospheric disturbances. The analysis in-
cluded simulations replicating different levels of turbulence 

Figure 11. Test of lateral trajectory controller, d = 5.3 m

Figure 12. Test of lateral attitude controller, d = 5.3 m

Figure 13. Test of lateral trajectory controller, localizer 
coupling with ideal conditions

Figure 14. Test of lateral attitude controller, localizer 
coupling with ideal conditions

Figure 15. Test of lateral trajectory controller, localizer 
coupling with real conditions
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and changes in flight conditions, such as variations in wind 
speed and altitude. The results showed that the model 
maintained robust and stable performance, with effective 
capability to adjust control inputs and minimize errors in 
the desired trajectory.

A predictive control approach was used to anticipate 
and manage disturbances, and the results indicated that the 
model managed to maintain system stability within an ac-
ceptable range of extreme conditions. The system’s response 
was evaluated in terms of its ability to follow the desired 
trajectory and its resistance to external disturbances, dem-
onstrating that the controller performed effectively within 
the limits defined by physical and operational constraints.

However, it was observed that performance could be 
affected by severe turbulence and sudden changes in at-
mospheric conditions, suggesting the need for future im-
provements in the algorithm’s adaptation for even more 
adverse flight scenarios. This robustness analysis validated 
the model’s effectiveness under controlled conditions and 
highlighted the importance of continuing to develop tech-
niques to enhance system stability and accuracy in real-
world flight environments.

In the end, the controllers were tested and put into 
use by programming codes in a flight simulator (see Fig-
ure 17). In Figure 18 you can see how the aircraft docks 
to the runway center line (localizer), and then automati-
cally executes an approach and landing circuit, as shown 
in Figure 19. This final step in the development process 
and test demonstrates the effectiveness and precision of 
the controllers in simulated flight situations.

Figure 16. Test of lateral attitude controller, localizer 
coupling with real conditions

Figure 17. Aircraft flight simulator

Figure 18. Aircraft docking to the runway axis (localizer)

Figure 19. Automatic execution of approach and landing
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6. Conclusions

The effectiveness of the autopilot system in controlling 
the aircraft’s lateral/directional dynamics is demonstrated 
through its implementation and simulation. This system 
shows solid and acceptable performance, particularly in 
the automatic execution of approach and landing circuits 
according to Category III C Instrument Landing System 
standards.

Adjustments made to the controller parameters have 
allowed for the absorption of constraints imposed by the 
aircraft model, thereby enhancing the system’s robustness. 
The optimization of controller parameters using sophisti-
cated techniques such as Affine Parameterization and the 
Linear Quadratic Regulator (LQR) has achieved adjustments 
in the closed-loop response characteristics, applying Bry-
son’s rules to vary the coefficients of the Q and R matrices.

The incorporation of integral action in the lateral tra-
jectory controller ensures precise and stable response, 
eliminating error at low frequencies, which is crucial in 
challenging flight situations requiring precise trajectory 
correction. The validation of the designed controllers has 
been carried out comprehensively, using both simulations 
in controlled environments and tests in real operational 
situations. This approach ensures the effectiveness and 
accuracy of the control system under various flight condi-
tions and scenarios, supporting its successful implementa-
tion in practical applications.

Despite positive results, there are significant limitations 
to the practical implementation of the proposed model. 
Major challenges include the computational capacity re-
quired to run the algorithm in real-time, especially under 
significant atmospheric variations and external disturbances. 
The system’s response time could be compromised in air-
craft with low-capacity onboard control systems. Addition-
ally, the maximum deflections of control surfaces imposed 
by physical constraints may limit the controller’s ability to 
make rapid and precise adjustments, affecting the system’s 
robustness under extreme conditions. These limitations 
should be addressed in future studies through the optimi-
zation of control hardware and fine-tuning of the algorithm 
to improve its performance in real-world applications.

To advance the development of aircraft control systems, 
several research areas are recommended. First, exploring 
adaptive control algorithms that dynamically respond to 
real-time atmospheric changes could be beneficial. Sec-
ond, studying robust control techniques that handle more 
severe disturbances and extreme flight condition variations 
might further enhance the system’s ability to operate in 
more challenging environments. Additionally, developing 
and testing control systems with more advanced real-time 
data processing capabilities could address the identified 
computational capacity limitations. Finally, it is suggested 
to conduct studies comparing the effectiveness of differ-
ent control approaches across various aircraft platforms 
to identify the most versatile and effective methods under 
diverse operational conditions.
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